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1 - Coding 
2 - Pattern recognition 
3 - Data forecasting 
4 - Signal enhancement 
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1 - Mixed Signals 
2 - Blind Source Separation 
3 - Source Signal
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1 - Independent Component Analysis 
2 - Biomedical Signals 
3 - Principal Component Analysis 
4 - Second Order Statistics 
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1 - Higher Order Statistics 
2 - Non-Linear Autocorrelation 
3 - Under-determined cases 
4 - Determined cases   
5 - Over-determined cases  
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1 -  Non-stationary 
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1 - A fixed-point algorithm for blind source separation with Nonlinear Autocorrelation 
2 - Kuhen-Tucker 
3 - Symmetric Orthogonalization 
4 - cumulant-based Fixed-Point approach using the Non-Stationarity of Variance 
5 - Performance Index 


