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! Knowledge Discovery in Databases (KDD)

Z Data Mining (DM)

® Regression-Class Mixture Decomposition (RCMD )
* Regression Density Decomposition (RDD)
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RCMD: Regression-class Mixture Decomposition
MF: Model Fitting

RDD: Regression Density Decomposition

IF: Influence Function

LMS: Least Median Squares

LTS: Least Trimmed Squares

OLS: Ordinary Least Squares

MINPRAN: Minimum Probability Random

DM: Data Mining

GAs: Genetic Algorithm Simulation

GMDD: Gaussian Mixture Density Modeling, Decompositions
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® Data Mining

® pattern recognition

" Machine learning

& Knowledge Discovery in Databases (KDD)
° Contaminated by noise
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%Ordinary Least Squares
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! Maximum Likelihood
12 Expectation Maximization
3 Moment Generating Function
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1> Regression Density Decomposition
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® MINimum Probability Random
17 dynamic range of the sensor

'8 Model-fitting

19'|_egendre moment

20 Maximum entropy principle
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